
Overview of three big 
cohort projects

ELSA, TILDA, & SHARE



English Longitudinal Study of Ageing (ELSA)
▪ 20 years, 19k participants

▪ 10 waves, ± every 2 years

▪ samples representative to people aged 
50+ living in private households in 
England

▪ roughly every other wave limited 
medical assessment and collection of 
biological data (blood, saliva)



English Longitudinal Study of Ageing (ELSA)
Topics

▪ Demographic – age, marital stat, children, 
education

▪ Economic – income, pension, employment, 
housing

▪ Health – physical & mental, health 
behaviours, height + weight, COVID

▪ Psychosocial – social isolation, well-being, 
self-perception, cognitive functions



How to access?
▪ https://www.elsa-project.ac.uk/accessing-elsa-data

▪ (free) access through UK Data Service

▪ account needed, affiliation with UCD helps

https://www.elsa-project.ac.uk/accessing-elsa-data


The Irish Longitudinal Study on Ageing 
(TILDA)

▪ 15 years, 20k+ observations

▪ 6 waves, ± every 2 years

▪ samples representative to Ireland 
population aged 50+; household 
response rate 62%

▪ medical assessment and collection 
of biological data in Waves 1&3



The Irish Longitudinal Study on Ageing 
(TILDA)

Topics

▪ Demographic – migration

▪ Economic – similar to ELSA

▪ Health – cardiovascular, executive 
functions, gait, balance

▪ Psychosocial – similar to ELSA



How to access?
▪ https://tilda.tcd.ie/data/accessing-data/

▪ on-site (Dublin Center) hot desk with full data
▪ €10k fee for full data access if you have available budget

▪ online access with partial data through Irish Social 
Science Data Archive (ISSDA)
▪ signed data access form must be submitted by email

https://tilda.tcd.ie/data/accessing-data/


Survey of Health, Ageing and Retirement in 
Europe (SHARE)

▪ 20 years, 28 European countries and 
Israel, 600k+ observations

▪ 9 waves, ± every 2 years

▪ samples theoretically representative 
to country population aged 50+; 
different sampling methods

▪ country-specific drop-off 
questionnaires with unique variables



Survey of Health, Ageing and Retirement in 
Europe (SHARE)

Topics

▪ largely overlapping with ELSA and 
TILDA

▪ specific SHARELIFE questionnaire in 
Wave 3 on timeline of close personal 
relationships, partnerships

▪ specific COVID questionnaires in 
Wave 8 and 9



How to access?
▪ https://share-eric.eu/data/become-a-user

▪ free for research purposes

▪data access form must be submitted and approved to 
create an account

▪ conditions of use have extensive citation requirements
▪ they change periodically, check both on start and end of 
your project

https://share-eric.eu/data/become-a-user


Watch out for variable availability 
throughout the projects

Variable ELSA TILDA SHARE

W1 W2W3W4W5 W1W2W3W4W5 W1W2W3W4W5

Depression

BMI

Smoking

Alcohol

Phys_activity



Gateway to Global Ageing Data

▪ https://g2aging.org/hrd/overview

▪ neat project, which records and harmonizes compatible 
variables across 11 big projects

▪ engine can search for comparable variables present in datasets

▪ very useful when working with data from multiple projects

https://g2aging.org/hrd/overview


Advanced statistical 
analyses

SURVIVAL ANALYSIS

LINEAR MIXED MODEL (MULTILEVEL)



Tips & tricks for working with large data

▪ always read the codebook / 
release guide first to get the 
sense of data

▪ do not rely on descriptions in 
data files

▪ often, recoded variables (e.g. 
total scale scores) are present



Tips & tricks for working with large data

▪ have a strategy for dealing with participant missing data

▪ search for harmonized data if comparing countries

▪ weighting cases can support representativeness, but the logic of 
assigning your own weights is complex



Tips & tricks for working with large data

▪ learn how to merge 
datasets based on IDs 
and other variables

▪ learn how to switch 
wide and long data 
formats (Restructure 
in SPSS)

Image source: https://www.statology.org/long-vs-wide-data/

https://www.statology.org/long-vs-wide-data/


Survival analysis

▪ Survival analysis operates with time 
left until a one-time event happens

▪ estimated odds are extrapolated 
across the whole observation period

▪ convertable to survival or hazard 
ratios

▪Can handle multiple groups, or 
single-time covariates



Survival analysis

▪ similar to logistic regression

Image source: 
https://medium.com/@prave
enraj.gowd/why-is-logistic-
regression-called-logistic-
regression-and-not-a-logistic-
classification-5a418293040d

https://medium.com/@praveenraj.gowd/why-is-logistic-regression-called-logistic-regression-and-not-a-logistic-classification-5a418293040d
https://medium.com/@praveenraj.gowd/why-is-logistic-regression-called-logistic-regression-and-not-a-logistic-classification-5a418293040d
https://medium.com/@praveenraj.gowd/why-is-logistic-regression-called-logistic-regression-and-not-a-logistic-classification-5a418293040d
https://medium.com/@praveenraj.gowd/why-is-logistic-regression-called-logistic-regression-and-not-a-logistic-classification-5a418293040d
https://medium.com/@praveenraj.gowd/why-is-logistic-regression-called-logistic-regression-and-not-a-logistic-classification-5a418293040d


Survival analysis

▪ as in logreg, output are regression coefficients transformed 
into Odds Ratios
▪ linreg coefficient(B) – if predictor value X increases by 1, by 

how many units does the Y change?
▪ the coefficient value is additive; predicted value Y = intercept + X*(B)

▪ logreg coefficient(also B) – if predictor value X increases by 1, 
how do the odds of Y happening change?
▪ the OR value is multiplicative; predicted odds Y = exp(intercept) *

X*exp(B)



Survival analysis -
censorship

Ideally, we want clear 
starting and ending 
point of observing.

Problems with 
generalizing out of 
observed interval.



Survival analysis types

Image source: https://datatab.net/tutorial/survival-analysis

https://datatab.net/tutorial/survival-analysis


Cox regression results example

Source: Bi, Jingfeng & Zhang, 
Zheng & Qin, Enqiang & 
Hou, Jun & Liu, Shuiwen & 
Liu, Zengmin & Li, Shuo & 
Wei, Zhenman & Zhong, 
Yanwei. (2017). Nucleoside 
analogs treatment delay the 
onset of hepatocellular 
carcinoma in patients with 
HBV-related cirrhosis. 
Oncotarget. 8. 
10.18632/oncotarget.18075. 



Linear mixed (multilevel) model

▪ very flexible, allows for designs with multiple 
measurements per participant (e.g., longitudinal)

▪ works similarly to regression, yields regression 
coefficients with the same meaning

▪ can also be used for nonlinear associations or 
categorical dependent variables, those models are 
called generalized



Generalized Linear 
(Mixed) Model

Regression ANOVA t-test

Many statistical tests in psychology are simplified cases of 
complex mathematical modeling techniques

Linear mixed (multilevel) model



Multilevel models are similar to regression

▪ simple linear regression:
▪ Y ~ b0 + b1*X

▪ simple linear mixed model
▪ Y ~ b0 + b1*X + (1|Z)
▪Z is random effect factor, across 

which we want to „average“ the 
results, usually grouping variable –
participant ID, strata, etc.



Linear mixed model results example

Image source: https://ourcodingclub.github.io/tutorials/mixed-models/

https://ourcodingclub.github.io/tutorials/mixed-models/


Image source: https://ninamclean.weebly.com/statistics-and-other-bits-and-pieces/random-intercepts-and-slopes-guide

https://ninamclean.weebly.com/statistics-and-other-bits-and-pieces/random-intercepts-and-slopes-guide


Linear mixed (multilevel) model

▪ (RE)ML estimator, nested models easily comparable

▪ sensitive to misspecification of covariances

▪ able to construct complex models

▪ gives fixed effects, then the variability of dependent variable 
across groups (random effects)



Final Comparison
Survival Analysis

▪ best to model continuous time 
until the occurence of a one-time 
event

▪ bad flexibility of the model, 
cannot handle groups within 
groups well or time-varying 
covariates; expects proportional 
hazard ratios

▪ requires specific data structure

Multilevel Analysis
▪ great flexibility in predicting 

dependent variable across 
multiple observations and/or 
groups; quite benevolent 
about missing data

▪ needs clearly defined 
assumptions regarding the 
covariance structure

▪ requires long data structure
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